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Results

Formalism

Feedforward integration
Wilson & Cowan (1972) l
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Decay Lateral inhibition for selection = Modulating feedback

Yuille & Grzywack (1989)  Bayerl & Neumann (2004)
Sillito et al. (2000)
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> Reproduce perception }

Berzhanskaya et al. (2007)
> Reproduce dynamics

> Increasing 2D information fasten - Increasing 2D information

the dynamics fasten the dynamics
Lorenceau et al. (1993)
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> Activity model

Deﬁning ]_‘ead—out > Global motion moves towards IOC > Vertical shift is delayed

> Retinotopic neurons Bowns (1996) Masson & Castet (2002)

> Distributed velocity
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> Integration via feedforward from Vi to MT
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| > Simplify multi-dimensional data
> Selection via local inhibitive connections
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- Model

> Propagation via feedback from MT to V1 > Fetch simpler quantitative values
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> Luminance (form) information modulates integration dw _ > Extrinsic junction detection > Object discrimination
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